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Abstract: abstract: In recent years, a number of algorithms have been developed to
estimate spike times on the basis of calcium imaging data.
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In this talk, I will ask a question that arises naturally in applying these
algorithms: how can we quantify uncertainty associated with the estimated
spikes? I will present a selective inference framework that allows us to compute
a p-value associated with each estimated spike. The key idea is that instead of
asking the question "what is the probability of seeing such a large increase in
fluorescence if there isn't really a spike at this position?", we must instead ask
the question "what is the probability of seeing such a large increase in
fluorescence if there isn't really a spike at this position, given that we estimated
a spike?"

This is joint work with my current PhD student Yiqun Chen and PhD alum Sean
Jewell.


